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[ Abstract] Objective To evaluate the comprehensive performance of five domestic Chinese large Language Models
(LLMs) in answering frequently asked questions (FAQs) regarding breast cancer-associated lymphedema (BCRL) ,and to pro-
vide a basis for their application and optimization.Methods Based on [.LLLMs.group discussions,and expert opinions,100 FAQs
about BCRL were identified. Three students with Master Degree in nursing input these questions into the five models for simu-
lated consultations.Five lymphedema nursing experts were invited to evaluate the model performance in terms of information
quality ,accuracy ,and comprehensiveness. The conciseness of responses was evaluated by word character count. The differences
in performance among the models were analyzed. The intraclass correlation coefficient (ICC) was used to evaluate inter-expert
consistency.Results The consistency among the five expert evaluators was moderate (ICC=0.594).The comprehensive per-
formance of the five models was generally good.Doubao received significantly higher scores than the other models in terms of
information quality and accuracy (P<C0.05). There was no statistically significant difference in comprehensiveness scores be-
tween Doubao and Tongyi Qianwen(P=>0.05) ,but both scored significantly higher than the other models (P<C0.05).DeepSeek
and Wenxin Yiyan had significantly lower character counts than the other models (all P<<0.05).Conclusions I.I.Ms represen-
ted by Doubao show application potential in simulated consultation scenarios for answering nursing questions related to BCRL.
Future research should further evaluate their clinical application effects in the preventive management of BCRL.
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