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[ Abstract] Objective To compare and analyze the quality of information generated by generative artificial intelligence
(GenAlD represented by ChatGPT-40 and DeepSeek-V3 in patient education for enterostomy,providing reference for the intel-
ligent reform of health education in the nursing field Methods A total of 34 common questions of clinical enterostomy care
were categorized into 3 types and formulated as structured prompts. These prompts were sequentially input into the 2 GenAl
models for interaction. The outputs were then blindly evaluated by 6 domestic experts in enterostomy care. Additionally,a mod-
ified Ensuring Quality Information for Patients (EQIP) tool was used to systematically evaluate the information generated by
the 2 GenAl models,with a score =>19 indicating a high-quality model.Results The accuracy rates of information on enteros-
tomy care generated by ChatGPT-40 and DeepSeek-V3 were 82.4%5 (28/34) and 67.6% (23/34), respectively. Their EQIP
scores were 22 and 24 points,respectively.Conclusions Both GenAl models can serve as auxiliary tools for enterostomy pa-
tients to gain preliminary understanding of medical information. However,it is still necessary to integrate the experience and
judgment of specialized healthcare teams in terms of decisions. The development and application of large language models in
vertical domains represent an important direction for the intelligent reform of patient education in enterostomy care.
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