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[ Abstract] With the widespread application of large language models (LLLLMs) in medical diagnosis,scientif-
ic research,education,and other fields,their outstanding generative and reasoning capabilities have demon-
strated significant advantages. However,the strict standards for ethics, privacy protection,and model accu-
racy in the medical field have also posed severe challenges to the practical application of LLLLMs. Although
the Transparent Reporting of a Multivariable Prediction Model for Individual Prognosis or Diagnosis
(TRIPOD) + Artificial Intelligence (Al) provides reporting norms for prognosis or diagnosis prediction
models,its applicability in generative artificial intelligence research is still insufficient. This article inter-
prets the TRIPOD-LLM reporting guideline, which is extended based on TRIPOD+ Al It systematically
sorts out its reporting elements in terms of model construction, validation, task adaptability,and human su-
pervision, providing an important reference for improving the transparency,standardization,and reproduc-
ibility of LLM research in the medical field.
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