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[ Abstract] Objective

to 2024 ,and to provide references for healthcare professionals to optimize elderly care practices with artificial intelli-

To investigate research hotspots and trends in wearable devices for elderly care from 2014
gence technology.Methods CiteSpace was used to conduct a visual analysis of eligible literature from the Web of
Science Core Collection database, including annual publication volume, country distribution, institutional informa-
tion, co-cited journal analysis,and keyword clustering.Results A total of 3,940 articles were included in the visual
analysis. The United States had the highest number of publications (1,207 articles, 30.63%). Harvard Medical
School was the most productive institution (80 articles, 2. 03%) sand PLoS ONE was the most co-cited journal.
The research hotspots mainly focused on health monitoring and risk management, exercise management and behav-
ior analysis,and intelligent technology and system optimization.Future research trends included impact, deep learn-
ing.and relevance.Conclusions The innovative application of wearable devices in age-friendly design is the current
research focus,which improves the efficiency of elderly health management through the optimization of artificial in-
telligence algorithms and multi-modal data fusion.
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